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Fig. 1. Our method can stably handle letters knitted with Cosserat rods with close to 2 million degrees of freedom at an interactive
frame rate of 4 fps on an NVIDIA RTX 3090. This results highlights that our method is highly robust, efficient, and easily parallelizable.

Cosserat rods have become an increasingly popular framework for simulat-
ing complex bending and twisting in thin elastic rods, used for hair, tree, and
yarn-level cloth models. However, traditional approaches often encounter
significant challenges in robustly and efficiently solving for valid quaternion
orientations, even when employing small time steps or computationally
expensive global solvers. We introduce stable Cosserat rods, a new solver
that can achieve high accuracy with high stiffness levels and maintain sta-
bility under large time steps. It is also inherently suitable for parallelization.
Our key contribution is a split position and rotation optimization scheme
with a closed-form Gauss-Seidel quasi-static orientation update. This solver
significantly improves the numerical stability with Cosserat rods, allowing
faster computation and larger time steps. We validate our method across a
wide range of applications, including simulations of hair, trees, yarn-level
cloth, slingshots, and bridges, demonstrating its ability to handle diverse
material behaviors and complex geometries. Furthermore, we show that our
method is orders of magnitude faster and more stable than alternative rod
solvers, such as extended position-based dynamics and discrete elastic rods.
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1 Introduction
One-dimensional curves play an essential role in modern digital
worlds. On closer inspection, one can find curves almost everywhere
from the blades of grass under a character’s foot, to the threads of
their clothing, and to each strand of their hair. From the rope they
use to the bridge they stand on and the bows and swords they wield,
curves find their way into a wide variety of everyday objects.
However, the complex behaviors of thin elastic rods (i.e.,

stretching, shearing, bending, and twisting) introduce moving
material frames and nonlinear constraints that make rod simulation
both mathematically complex and computationally expensive.
As such, many schemes have been proposed to tackle this
problem, such as spring models [Iben et al. 2013; Selle et al. 2008],
Cosserat rods [Kugelstadt and Schömer 2016], discrete elastic rod
(DER) [Bergou et al. 2008], and super-helices [Bertails et al. 2006].
Unfortunately, these methods often suffer from issues of instability,
forcing the use of either extremely small time steps or expensive
global solvers.
In this paper, we introduce stable Cosserat rods, a novel simula-

tion scheme designed to efficiently and robustly handle complex
scenarios involving rods, even under large time steps. Similar to the
quasi-static Newton material frame update found in DER [Bergou
et al. 2008], our key insight is that the angular momentum’s contri-
bution to the thin Cosserat rod dynamics is negligible. Therefore,
we can split the original optimization problem into two interleaved
alternating optimizations for positions and orientations. To solve
for orientations, we introduce a closed-form Gauss-Seidel local re-
laxation approach that employs an adjoint variable derived directly
from the unit quaternion constraint. This decouples position from
orientation and allows for a much simplified alternating position
solve using methods like Vertex Block Descent. When combined
with our orientation solve, this ensures both computational effi-
ciency and stability.

We validate our method against traditional Cosserat rod solvers,
such as Extended Position-Based Dynamics (XPBD), Vertex Block
Descent (VBD), and alternative models like Discrete Elastic Rods
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(DER). Even when we augment VBD with stability extensions, our
method outperforms these methods by more than an order of mag-
nitude in terms of computational efficiency (by at least 18× in our
tests). Even in a worst-case scenario, our method surpasses global
solvers, i.e. DER (by a factor of 46× on CPU in our test). Exploiting
the embarrassingly parallel nature of our method, we further show-
case the speed and robustness of our approach in large-scale GPU
simulations of hair and yarn-level cloth.
Notably, we achieve this substantial improvement in stability

and performance without compromising accuracy. Moreover, our
method is straightforward to implement, requiring only a few lines
of code beyond that for mass-spring systems, as fully detailed in
our implementation.

2 Background
Rod simulation is challenging as it requires the tracking of material
frames (orientations) along the curve for twisting and torsional
effects. As such, a significant body of research has been dedicated
to simulating thin elastic rods. In this section, we briefly summarize
the prior work and then present the details of the Cosserat rods
method that we build upon.

2.1 Prior Work
Pai [2002] first introduced the Cosserat model to the computer
graphics community, employing an implicit representation for rods.
This work was extended to the super-helix model [Bertails 2009;
Bertails et al. 2006], which represents rods as piecewise helices gov-
erned by Lagrangian mechanics. Over time, the Cosserat model has
seen several advancements, including using a deformation model
for dynamic elastic rods with continuous energies [Spillmann and
Teschner 2007], attaching ghost points to edges for torsion track-
ing [Umetani et al. 2015], and incorporating additional energy terms
to control the spatial distribution of material points [Wen et al. 2020].
To improve the efficiency of solving the Cosserat model, Casati and
Bertails-Descoubes [2013] proposed a semi-implicit time-stepping
scheme based on power expansion. Kugelstadt and Schömer [2016]
use extended Extended Position-Based Dynamics (XPBD) [Macklin
et al. 2016] to support Cosserat rods, which was later refined for
stiff rods [Deul et al. 2018]. Soler et al. [2018] utilized Projective
Dynamics (PD) [Bouaziz et al. 2014] with a pre-factored matrix to
accelerate global linear system solving. More recently, Zhao et al.
[2022] adopted compact representations for Cosserat rods to en-
hance convergence efficiency.
Also reliant on a global solver, Discrete Elastic Rods

(DER) [Bergou et al. 2010, 2008] utilize discrete differential
geometry to track segment material frames for bending and
twisting explicitly. Iben et al. [2013] extended the idea of DER
to incorporate bending springs to operate on smoothed curves,
enhancing stability. Similarly, Selle et al. [2008] approximated
bending using springs constructed on virtual tetrahedra. More
recently, Huang et al. [2023] and Daviet [2023] accelerated
DER-based hair simulation on GPUs, employing an efficient
semi-implicit DER system and an alternating direction method of
multipliers (ADMM), respectively.

Recent advancements in rod simulation have led to the wide-
spread use of Cosserat rods in various applications, including veg-
etation [Deul et al. 2018; Pirk et al. 2017], hair [Daviet 2023; Han
et al. 2019; Hsu et al. 2023, 2024], yarn [Kaldor et al. 2008, 2010;
Leaf et al. 2018], and muscle [Angles et al. 2019] simulations. These
developments underscore their significance and establish Cosserat
rods as the central focus of this paper.

However, regardless of the choice of Cosserat or DER models, it
remains mathematically challenging and computationally expen-
sive to simulate the nonlinear constraints governing the complex
behaviors of rods. To address the optimization over positions and
orientations, global implicit methods often rely on costly solvers,
while local iterative methods can suffer from stability issues. In this
paper, we present a stable Cosserat rods scheme to efficiently and
robustly handle complex scenarios, even under large time steps.

2.2 Cosserat rods
Traditionally, Cosserat rods are modeled as a continuous curve
in 3D space, parameterized by 𝑠 with position x(𝑠) : R → R3

and unit quaternion orientation q(𝑠) : R → 𝑄8 (i.e., the material
frame) [Kugelstadt and Schömer 2016]. This redundancy between
position and orientation allows Cosserat rods to handle complex
stretching, shearing, bending, and twisting behaviors. In particular,
the stretching and shearing strain, Γ(𝑠), is defined as

Γ(𝑠) = 𝜕𝑠x(𝑠) − d3 (𝑠),

where d3 (𝑠) denotes the normal of the cross-section and 𝜕𝑠 is the
derivative along 𝑠 . Given a space-fixed world coordinate systemwith
basis {e1, e2, e3}, d𝛼 can be obtained simply by rotating the 𝛼-th
standard basis inR3, e𝛼 , with rotation quaternion q(𝑠) as d𝛼 = qe𝛼q.
By convention, we choose 𝛼 = 3 as our centerline axis. Similarly, a
bending and twisting strain, Ω(𝑠), can be defined as

Ω(𝑠) = ℑ
[
2q(𝑠)𝜕𝑠q(𝑠)

]
.

Here, ℑ retains only the imaginary components and the overline q
denotes quaternion conjugation. This Ω is then often referred to as
the Darboux vector to measure the bending and twisting curvature.
With everything combined, the overall material potential energy
𝐸total over 𝑠 can be defined as

𝐸total =

∫
�̃�ss
|Γ(𝑠) |2

2
|𝜕𝑠x(𝑠) | 𝑑𝑠 +

∫
�̃�bt
|Ω(𝑠) |2

2
|𝜕𝑠x(𝑠) | 𝑑𝑠,

where �̃�ss and �̃�bt are the stiffness parameters for stretching/shear-
ing and bending/twisting, respectively.

Cosserat rods are typically discretized as polyline segments with
positions on vertices and orientations on segments [Kugelstadt
and Schömer 2016]. As shown in Fig. 2, the 𝑖-th vertex stores the
position x𝑖 . The orientation q𝑖 is stored in the segment following
vertex 𝑖 , denoted as the 𝑖-th segment. Γ(𝑠) is further discretized into
stretching and shearing constraint

𝐶ss
𝑖 =

x𝑖+1 − x𝑖
𝑙𝑖

− d𝑖,3 (1)

by using finite differences with segment rest length 𝑙𝑖 to approximate
𝜕𝑠x(𝑠). Similarly, Ω(𝑠) between the segments 𝑖 and 𝑖 + 1 can be
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Fig. 2. Discretized Cosserat rod with position x on vertices and orien-
tation q on segments. e𝛼 is the axis-aligned orthonormal basis.

discretized as

Ω𝑖 = ℑ
[
2
(
q𝑖+1 + q𝑖

2

) (
q𝑖+1 − q𝑖

𝑙𝑖

)]
=

2
𝑙𝑖
ℑ
[
q𝑖q𝑖+1

]
. (2)

which can be further rewritten as a constraint form

𝐶bt
𝑖 = q𝑖q𝑖+1 − 𝜙𝑖q0𝑖 , (3)

𝜙𝑖 =

{
+1 for ∥q𝑖q𝑖+1 − q0𝑖 ∥

2 ≤ ∥q𝑖q𝑖+1 + q0𝑖 ∥
2

−1 for ∥q𝑖q𝑖+1 − q0𝑖 ∥
2 > ∥q𝑖q𝑖+1 + q0𝑖 ∥

2 . (4)

Semantically, q𝑖q𝑖+1 is the angle difference between neighboring
segments. As such, 𝐶bt

𝑖
penalizes bending and twisting away from

some rest angle q0
𝑖
, e.g., q𝑖q𝑖+1 when at rest. Furthermore, since the

quaternions q and −q denote the same angle, 𝜙𝑖 , is used to drive the
segments towards the closest quaternionic pole. Additionally, Hsu
et al. [2023] also suggests including the real component in 𝐶bt for
better stability.
Finally, the integral over 𝑠 for the total potential energy 𝐸total

can be broken down as the sum of the energies 𝐸ss
𝑖

and 𝐸bt
𝑖

over all
segments 𝑖 .

𝐸total =
∑︁
𝑖

𝐸ss𝑖 +
∑︁
𝑖

𝐸bt𝑖 , (5)

where 𝐸ss
𝑖

=
𝑘ss
𝑖

2 |𝐶
ss
𝑖
|2 and 𝐸bt

𝑖
=

𝑘bt
𝑖

2 |𝐶
bt
𝑖
|2, with 𝑘𝑠𝑠

𝑖
= �̃�𝑠𝑠𝑙𝑖 and

𝑘𝑏𝑡
𝑖

= 4�̃�𝑏𝑡 /𝑙𝑖 for brevity.
The time integration of Cosserat Rods using implicit Euler can

be written as an optimization on the variational energy

x, q = argmin
x,q

1
2ℎ2
| |x − y| |2M +

1
2ℎ2
| |q −w| |2J + 𝐸total ,

s.t. |q𝑖 | = 1 ∀ 𝑖 .

Here, the first two terms are the positional and rotational inertial po-
tentials. ℎ is the time step.M and J are the lumped generalized mass
matrices for position and orientation. Finally, y = x+ℎv+ℎ2aext and
w = q + ℎ𝜔q/2 are the inertial positions and orientations [Bouaziz
et al. 2014; Soler et al. 2018]. These are computed from the velocities,
v and 𝜔 , and acceleration aext. Typically, this minimization is done
using XPBD. However, due to the complex energy coupling and
unit quaternion constraint, Cosserat Rods simulation often requires
either extremely small time steps and large iteration counts with
XPBD [Hsu et al. 2023; Kugelstadt and Schömer 2016] or slow global
solvers like projective dynamics [Soler et al. 2018].

3 Stable Cosserat Rods
In this section, we present the theory behind our stable Cosserat
rods formulation. Implementation-oriented readers may skip this
section and continue to Sec. 4.

Our stable Cosserat rods formulation offers a numerically robust
alternative for time integration, which allows larger time steps and
requires fewer iterations with substantially improved performance.
Similar to the quasi-static Newton material frame update found
in DER [Bergou et al. 2008], our key insight is that the angular
momentum has a negligible impact on the dynamics of thin Cosserat
rods (J = 0). This allows us to simplify the problem by treating the
rod rotational inertia as that of infinitely thin rods in a quasi-static
state. Building on this assumption, we decompose the optimization
scheme into separate positional and rotational steps, leveraging a
novel quasi-static orientation solver.
The core of our approach then lies in our efficient orientation

solver, which employs a Gauss-Seidel-style local relaxation scheme
based on closed-form local solutions. Rather than relying on sec-
ondary constraint enforcement mechanisms like XPBD, we resolve
constraints directly by introducing a new auxiliary variable, 𝜆, from
which orientations are derived. We then split the original optimiza-
tion into two with interleaved alternating minimizations between
positions and orientations. The position update minimizes the im-
plicit Euler variational energy given fixed orientations as

x = arg min
x

1
2ℎ2
| |x − y| |2M + 𝐸

total . (6)

Similarly, the orientation update solves for the quasi-static state
given fixed positions as

q = arg min
q

𝐸total s.t. |q𝑖 | = 1 ∀ 𝑖 . (7)

As demonstrated in Fig. 3 and Fig. 4, this method effectively
replicates the complex behaviors and knotting observed in thin
elastic rods.
We begin by decomposing the quasi-static orientation solve

into successive local optimizations leveraging the new auxiliary

Simulated Photo
Fig. 3. Our method is able to reproduce many of the effects of bending
and twisting with self contacts. For example, our results closely match
the twirls found in the real life cable on the right.

Fig. 4. Our method forms natural knots under tension.
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variable 𝜆 (Sec. 3.1). Then, we derive approximate solutions
for 𝜆 (Sec. 3.2) and prove that the approximate solution is also
well-behaved (Sec. 3.3). Finally, the exact solution can then be
optionally computed using a novel fixed-point iteration for
traditional Cosserat rods (Sec. 3.4).

3.1 Quasi-static Orientation Solve
To begin, quasi-static orientation equilibrium implies finding q to
satisfy Eq. 7. Since the variable q represents unit quaternions, it is
essential to enforce the unit norm constraint, such that |q𝑖 | = 1.
Directly addressing this would involve solving a large global con-
strained optimization problem, which can be expensive. To address
this, we adopt a local relaxation approach, iterating over each q𝑖
while treating all other degrees of freedom as fixed. This results in
the local optimization problem

q𝑖 = argmin
q𝑖

𝐸ss𝑖 + 𝐸
bt
𝑖−1 + 𝐸

bt
𝑖 s.t. |q𝑖 | = 1, (8)

whose optimality condition implies that the net torque 𝝉net acting
on q𝑖 must be 0. Adding a Lagrange multiplier 𝜆 to our equilibrium
condition for the constraint |q𝑖 | = 1, Eq. 8 can be converted to

𝝉net𝑖 − 𝜆q𝑖 = 0 with 𝝉net𝑖 = 𝝉 ss𝑖 + 𝝉
bt
𝑖−1,𝑖 + 𝝉

bt
𝑖,𝑖 (9)

where 𝝉 ss
𝑖,𝑖

and 𝝉bt
𝑖, 𝑗

denote the torques generated by 𝐸ss
𝑖
on q𝑖 and 𝐸bt𝑖

on q𝑗 , respectively. Since we assume all other segments are fixed,
we only have to compute the torque generated from 𝐸ss

𝑖
, 𝐸bt

𝑖−1, and
𝐸bt
𝑖

on q𝑖 , which are obtained as the negative potential gradients

𝝉 ss𝑖,𝑖 = −∇q𝑖𝐸
𝑠𝑠
𝑖 = −2𝑘ss𝑖

(
x𝑖+1 − x𝑖

𝑙𝑖
− d𝑖,3

)
q𝑖e3, (10)

𝝉bt𝑖,𝑖 = −∇q𝑖𝐸
bt
𝑖 = −𝑘bt𝑖

(
q𝑖 − 𝜙𝑖q𝑖+1q0𝑖

)
, (11)

𝝉bt𝑖−1,𝑖 = −∇q𝑖𝐸
bt
𝑖−1 = −𝑘

bt
𝑖−1

(
q𝑖 − 𝜙𝑖−1q𝑖−1q0𝑖−1

)
. (12)

These can then be substituted into the static-equilibrium condition
(Eq. 9) and simplified to obtain

−2𝑘ss𝑖 𝑙
−1
𝑖 (x𝑖+1 − x𝑖 )q𝑖e3 + 𝑘

bt
𝑖−1𝜙𝑖−1q𝑖−1q

0
𝑖−1

+𝑘bt𝑖 𝜙𝑖q𝑖+1q0𝑖 − 𝜆q𝑖 = 0. (13)

As pointed out by Hsu et al. [2024], any torque acting along q𝑖 will
be canceled out by the unit quaternion constraint. We can rewrite
Eq. 13 into a simplified form as

vq𝑖e3 + b − 𝜆q𝑖 = 0, (14)

in which we group the effects of stretching into v and the effects of
bending into b as

v = −2𝑘ss𝑖 𝑙
−1
𝑖 (x𝑖+1 − x𝑖 ), (15)

b = 𝑘bt𝑖−1𝜙𝑖−1q𝑖−1q
0
𝑖−1 + 𝑘

bt
𝑖 𝜙𝑖q𝑖+1q0𝑖 . (16)

This grouping conveniently allows for the consideration of an arbi-
trary number of edge connections such that b becomes the sum of
all bending constraint contributions.

b𝑖 =
∑︁
𝐶bt
𝑖

{
𝑘bt
𝑗𝑖
𝜙 𝑗𝑖q𝑗q0𝑗𝑖 for 𝐶bt

𝑗𝑖

𝑘bt
𝑖 𝑗
𝜙𝑖 𝑗q𝑗q0𝑖 𝑗 for 𝐶bt

𝑖 𝑗

(17)

Note the difference in the vertex ordering 𝑖 𝑗 and 𝑗𝑖 . This means our
method naturally supports the simulation of graphs. Returning to
the solution with some substitutions from Eq. 14, we arrive at

q𝑖 (𝜆) =
vbe3 + 𝜆b
𝜆2 − |v|2

. (18)

This leaves 𝜆 as the only unknown. Thus, efficiently solving for 𝜆,
as we describe below, results in an efficient and stable method for
Cosserat rods.

3.2 Approximate Solution to 𝜆
Recall that the unit quaternion constraint requires |q𝑖 | = 1. As the
resulting polynomial is quartic, it can be difficult to solve for 𝜆
efficiently ����vbe3 + 𝜆b𝜆2 − |v|2

���� = 1 (19)

However, an exact solution to 𝜆 may not always be necessary. In
many cases, an approximate solution, combined with a simple nor-
malization step such as q𝑖 = q𝑖 (𝜆)/|q𝑖 (𝜆) |, can be sufficient, particu-
larly when strict adherence to the prescribed Cosserat rod material
model is not required. At the minimum, an approximate solution
can also serve as an effective initial guess for any iterative solvers
that refine 𝜆.
To find an approximate solution, we first observe that, at most,

four 𝜆 satisfy the condition |q𝑖 | = 1. Among these, we conjecture
that the most positive root corresponds to the most physically stable
configuration for three reasons. First, in Eq. 17, b represents the
configuration without stretching or shearing. By picking the largest
𝜆, we allow b to dominate in Eq. 14. Second, since a local minimum
must exist, the fact that the two roots closest to 0 can be imaginary
suggests that they are edge cases. Third, when 𝜆 > |v|, the inner
product between b and q(𝜆) will always be positive, minimizing the
chances of 𝜙 flipping. This leaves us with the largest root which we
found to always minimize the energy in practice.

Applying the triangle inequality to Eq. 19, we can see that

1 =
����vbe3 + 𝜆b𝜆2 − |v|2

���� ≤ |v| |b| + 𝜆 |b|��𝜆2 − |v|2�� . (20)

Solving this quadratic inequality gives an upper bound of |v| + |b| for
the largest positive 𝜆 leading to |q𝑖 (𝜆) | < 1. For a lower bound on 𝜆,
we can see in Eq. 20 that |q𝑖 (𝜆) | contains an asymptotic discontinuity
at 𝜆 = |v|. Since |q𝑖 (𝜆) | goes to infinity at 𝜆 = |v| but is less than 1
at 𝜆 = |v| + |b|, the largest root of 𝜆 must satisfy that

|v| < 𝜆 ≤ |v| + |b|. (21)

In our implementation, we use the upper bound of the largest
positive value to approximate 𝜆 as

𝜆 ≈ |v| + |b| (22)

since this coincides with the exact Cosserat rod solution under zero
strain (i.e. 𝜆 = |v| + |b| when |𝐶ss | = |𝐶bt | = 0). We found this
to approximate the measured 𝜆 well in our experiments, which is
important to guarantee convergence. Since each update minimizes
the global energy with respect to the orientation being updated, the
global energy always monotonically decrease for a sufficiently accu-
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rate 𝜆. With this in mind, we dub our scheme Stable Cosserat Rods
for its stability and further show our well-definedness in Sec. 3.3.

3.3 Well-Definedness of q(𝜆)
In this section, we show that our q(𝜆) and approximate solution
𝜆 = |v| + |b| can be used as a new and full-fledged material model
by itself.

First, our material is invariant under vertex ordering. This is easy
to see in Eq. 1 and Eq. 18 as swapping vertices only flips the signs
of v and b.
Second, our material is invariant under translation and rotation

(material frame indifference). Rotating q𝑖 (𝜆) by any arbitrary quater-
nion, R, also naturally rotates v and b by R.

Rq𝑖 (𝜆) =
Rvbe3 + 𝜆Rb
𝜆2 − |v|2

=
(RvR)Rbe3 + 𝜆Rb

𝜆2 − |v|2
, (23)

since |v| = |RvR|, |b| = |Rb|, and 𝜆 = |v| + |b| itself is rotationally
invariant. Hence, q𝑖 (𝜆) remains rotationally invariant.
Third, our material introduces no artificial strain. This can be

verified by looking at q𝑖 under |𝐶ss | = |𝐶bt | = 0 or when there is
0 strain. In Eq. 15, |𝐶ss | = 0 implies that v = −|v|q𝑖e3q𝑖 . Similarly,
in Eq. 16, |𝐶bt | = 0 implies that b = |b|q𝑖 . Plugging these into the
solution for q𝑖 reveals that

q𝑖 (𝜆) =
−|v |q𝑖e3q𝑖 |b |q𝑖e3+𝜆 |b |q𝑖

𝜆2−|v |2 =
|v | |b |q𝑖+𝜆 |b |q𝑖

𝜆2−|v |2 =
|b | ( |v |+𝜆)
𝜆2−|v |2 q𝑖 ,

which normalizes back into q𝑖 . This means that q𝑖 is itself a valid
equilibrium solution, preserving the rest shape. Finally, as an aside,
this form also shows that Eq. 22 leads to |q𝑖 | = 1 under 0 strain.

As such, we arrive at the conclusion that our q(𝜆) is well defined
even in the approximate case. This makes our exact local closed-
form solution highly stable and usable as a full-fledged alternative
to traditional Cosserat rods.

3.4 Exact Solution to 𝜆
In applications where the traditional Cosserat energy must be
strictly adhered to, our 𝜆 iterant can also be highly effective as
the initial guess. As it is known that an asymptote exists near our
desired solution, fixed-point iterations can be well suited for this
refinement of 𝜆 without reintroducing instability.

Fixed-point iteration involves the construction of a “fixed point”
computed as 𝜆𝑓 𝑝 = 𝑓 (𝜆). By repeatedly applying the fixed-point
operator 𝑓 (𝜆), 𝜆 can rapidly converge to a point where it becomes
fixed (i.e. a fixed point). Critically, as long as we construct 𝑓 (𝜆) = 𝜆

to be equivalent to |q(𝜆) | = 1, this fixed point will coincide with the
solution for 𝜆. As is typical with fixed point iterations, this can be
done by carefully substituting some terms of 𝜆 with 𝜆𝑓 𝑝 .

|q(𝜆) | =

������ vbe3 + 𝜆b𝜆2
𝑓 𝑝
− |v|2

������ = 1 (24)

Finally, we invert and solve for 𝜆𝑓 𝑝 to arrive at

𝜆𝑓 𝑝 = 𝑓 (𝜆) =
√︁
|vbe3 + 𝜆b| + |v|2 (25)

By repeatedly applying 𝑓 (𝜆), 𝜆 quickly converges to a fixed-point
which satisfies that |q𝑖 (𝜆) | = 1. This is true for infinitely many

combinations of substitutions. However, we found Eq. 25 to be the
most stable of the ones we tested due to the Banach fixed-point the-
orem. Excluding the substitution choices that lead to discontinuous
fixed-point operators, Eq. 25 proves to have the smallest gradient,
|∇𝜆 𝑓 (𝜆) | < 1, in our domain. This makes our specific fix-point
operator converge the fastest out of all the ones we obtained.
Algorithm 1 demonstrates our iterative solution for 𝜆. To refine

our initial guess of 𝜆 until matching traditional Cosserat formula-
tions, we store 𝜆𝑖 on each segment as an auxiliary degree of freedom.
We then update 𝜆𝑖 by applying 𝑓 (𝜆𝑖 ) once for each iteration of the
orientation solve. Since our orientation solve is interleaved with
position solves, we ensure that 𝜆𝑖 remains within our bound of
|v| < 𝜆𝑖 ≤ |v| + |b| by storing 𝜆𝑖 on each segment as 𝛾𝑖 such that

𝜆𝑖 = |v𝑖 | + 𝛾𝑖 |b𝑖 |, (26)

𝛾𝑖 = (𝜆𝑖 − |v𝑖 |) |b𝑖 |−1 . (27)

This linearly maps the last 𝜆 from the previous bounds (Eq. 21) into
the current one, leading to an efficient refinement for 𝜆 which can
then be safely interleaved with position solves. We refer to this
variant as the exact solution.

Algorithm 1: Iterative solution for traditional Cosserat rod
Function iterateLambda(𝑖, v, b):

𝜆 ← |v| + clamp(𝛾𝑖 , 1e−3, 1) |b| // Calculate 𝜆 from 𝛾𝑖

𝜆 ←
√︁
|vbe3 + 𝜆b| + |v|2 // Eq. 25

𝛾𝑖 ← (𝜆𝑖 − |v|) |b𝑖 |−1 // Update 𝛾𝑖

return 𝜆

4 Implementation
We outline our algorithm in Algorithm 2, which alternates between
orientation and position updates for each time step with a fixed
number of iterations. During the orientation update, we process
each segment individually while keeping the vertex positions fixed.
For each segment, we compute the contribution from stretching
constraints as v and the sum of all contributions from connected
bending constraints as b. With v and b, the orientation is updated
to match the local quasi-static solution either approximately using
Eq. 22 or exactly using Algorithm 1. Both are guaranteed to reduce
global error without any stability issues. In practice, we found that
our approximation is more than sufficient in both stability and accu-
racy for all our test cases. Then, we fix the updated quaternions and
proceed to the position update, employing second-order information
to minimize the implicit Euler variational energy. Specifically, we
use vertex block descent (VBD) [Chen et al. 2024] with the collision
handling solution of incremental potential contact (IPC) [Li et al.
2021].

Forces and Hessians on Positions. For our position update, we can
compute the forces f𝑖,𝑖 as the negative gradient of 𝐸𝑠𝑠𝑖 on x𝑖 .

fss𝑖,𝑖 = −∇x𝑖𝐸
𝑠𝑠
𝑖 =

𝑘ss
𝑖

𝑙𝑖

(
x𝑖+1 − x𝑖

𝑙𝑖
− d𝑖,3

)
. (28)
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Algorithm 2: One time-step of our simulation
Data: Time step size ℎ, number of iterations 𝑁
// Initialize positions

x← x𝑡 + ℎv𝑡 + ℎ2𝑎 // [Chen et al. 2024]

// Iterative solve with 𝑁 iterations

for 𝑛 ← 1 to 𝑁 do
// Position update via VBD

foreach vertex 𝑖 do
x← position update // Eq. 6

end

// Our orientation update

foreach segment 𝑖 do
v← −2𝑘ss

𝑖
𝑙−1
𝑖
(x𝑖+1 − x𝑖 ) // Eq. 15

b← 𝑘bt
𝑖−1𝜙𝑖−1q𝑖−1q

0
𝑖−1 + 𝑘

bt
𝑖
𝜙𝑖q𝑖+1q0𝑖 // Eq. 17

𝜆 ← |v| + |b| // Eq. 22 or Algorithm 1

q𝑖 ← vbe3 + 𝜆b // Eq. 18

q𝑖 ← q𝑖/|q𝑖 |
end

end

v← (x − x𝑡 )/ℎ // Wrap up VBD solve

As the energy is reduced to be quadratic without the orientation
component, the Hessian becomes the simple diagonal matrix

∇x𝑖 f𝑖,𝑖 =
𝑘ss
𝑖

𝑙2
𝑖

I. (29)

These forces and Hessians can then be used directly in the position
update via VBD.

Contacts. We handle contacts with an IPC-style barrier energy
with thickness 𝑟 [Li et al. 2020]. For each pair of contacting segments
𝑎 and 𝑏, we first compute the closest points x𝑖 and x𝑏 with contact
normal n = (x𝑏 − x𝑎)/|x𝑏 − x𝑎 |. Then the contact energy 𝐸collision

is defined through the proximity function 𝑑 = (x𝑏 − x𝑎) · n/𝑟

𝐸collision (𝑑) =
{
−𝑘collision (𝑑 − 1)2ln(𝑑) if 𝑑 ≤ 1
0 otherwise .

(30)

We additionally use a conservative vertex bound [Wu et al. 2020] to
prevent the phase-through of rod segments.

Friction. We first compute the difference between the current
position x𝑡 and position at the previous time step x𝑡−1 as

𝛿x = (x𝑡𝑎 − x𝑡−1𝑎 ) − (x𝑡𝑏 − x
𝑡−1
𝑏
) (31)

Given the collision force fcollision, the friction force is modeled as a
simple spring with a carefully defined stiffness �̃� friction to replicate
the Coulomb friction as

f friction𝑖 = −�̃� friction (∇x𝑖𝛿x)𝛿x⊥ (32)

where 𝛿x⊥ = (I − nn𝑇 )𝛿x for the position difference along the
normal direction and �̃� friction = min(𝑘friction, 𝜇 |𝛿x⊥ |−1n · fcollision).
Finally, the friction Hessian can be computed as

∇x𝑖 𝑓 friction𝑖 ≈ −�̃�friction (∇x𝑖𝛿x) (I − nn𝑇 ) (∇x𝑖𝛿x). (33)

As suggested by Macklin et al. [2020], we approximate the friction
hessian by not differentiating through �̃�friction and n for stability.

5 Results
We implement ourmethod in both C++ and CUDA on anAMD 9950x
16-core CPU with an NVIDIA RTX 3090. We conduct comparisons
on the CPU with large-scale examples implemented on the GPU.
We report all timings as measured per 30 fps frame. We make our
source code available at jerryhsu.io/projects/StableCosseratRods

5.1 Comparison to Other Integration Methods
Fig. 5 illustrates the convergence behavior of different methods
applied to a cantilevered rod. For a given stiffness, both our ap-
proximated and exact solutions achieve convergence within just 4
iterations per time step. In contrast, XPBD requires over a thousand
iterations to reach a similar level of convergence. As anticipated,
VBD fails to converge to the correct result evenwith 8 iterations, as it
cannot enforce the unit quaternion constraint. We further test VBD
with a linearized unit quaternion constrain (VBD w/ LC). While this
modification allows convergence, it introduces numerical instability
that requires double precision to achieve stable results.

Ours 4 Iters

Ours exact 4 Iters

VBD w/ LC 8 Iters

XPBD 1024 Iters

VBD 8 Iters

XPBD 4 Iters

Fig. 5. Our method converges to the target results with fewer itera-
tions on this cantilevered rod example.

The convergence issues are further exacerbated when simulating
a much stiffer tree in Fig. 6. VBD fails to maintain the desired stiff-
ness, while XPBD entirely fails to converge even with a step size
reduced by 20×. Interestingly, our approximate solution exhibits an
almost identical behavior to our exact variant. Quantitatively, our 𝜆
approximation achieves a mean squared error (MSE) of 5e−12 on
the unit quaternion constraint. While our exact 𝜆 variant achieves
an MSE of 8e−14, both of our methods border on the limits of single
precision accuracy. Additionally, the average converged 𝛾 is 0.99999,
remarkably close to our approximation of 1. These results indicate
that our approximate 𝜆 is extremely close to its exact counterpart.
Fig. 7 provides an additional example of three trees waving in

the wind with 9,948 vertices in total. In this example, our approx-
imate solution takes 7.3 ms/frame, offering a slight performance
advantage without compromising stability or accuracy over our ex-
act solution at 7.5 ms/frame. For comparison, previous work using
Projective Dynamics [Soler et al. 2018] and Sequential Quadratic
Programming [Zhao et al. 2022] report similar computation times
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Ours 4 iterations Ours exact 4 iterations

VBD 8 iterations XPBD 1/20 step size

Fig. 6. Even at 1/20th the time step, XPBD is unable to converge
while VBD converges to an incorrect stiffness. In comparison, our
method is far more stable and accurate with fewer iterations and
larger time steps. Even our approximate solution is accurate enough
to be indistinguishable from our exact formulation.

Fig. 7. Our method naturally supports arbitrary connections, such as
three branching trees waving in the wind. Computation time: 7.3 ms
(approximate) and 7.5 ms (exact) per frame for 9,948 vertices in total.

(on different hardware) for simulations with 2 orders of magnitude
fewer vertices.

5.2 Combining Different Materials
Our method can stably support a wide range of material stiffnesses.
Fig. 8 illustrates a slingshot consisting of soft wrinkly elastic rubber
tied to a rigid wooden handle. Despite the high 𝑘ss, 𝑘bt, and mass
ratios between the bands and handle of 7542×, 790219×, and 46×,
respectively, our method is able to complete the animation stably.

This is due in part to the accuracy of our 𝜆 approximation. When
only considering the stiff handle, our approximation achieves a unit
quaternion constraint MSE of 1e−11 or an average error of 0.001%.

Fig. 8. Our method is stable across a mix of various material param-
eters. Here, the rubber bands simulated using our 𝜆 approximation are
over one thousand times more elastic than the handle.

For the softer rubber, our approximate 𝜆 yields an MSE of 5e−4
(1% error) compared to 1e−12 using our exact 𝜆. In general, the
stiffer the material, the more accurate our approximation. However,
since the target value of the quaternion norm constraint is 1, even
an MSE of 5e−4 remains functionally indistinguishable in practice,
especially when the material is soft. In contrast, even VBD with
linearized constraints struggles to handle this case robustly.

5.3 Comparison with Discrete Elastic Rods (DER)
We compare our method with Discrete Elastic Rods using the open
source implementation provided by Fei et al. [2017]. Since DER
employs a different potential, we tuned our Cosserat parameters to
align the results as closely as possible for a fair comparison. Fig. 9
illustrates a slinky in the silhouette of a teapot, comprising a single
chain of 2,880 segments. Since Gauss-Seidel-style methods prop-
agate information one element at a time, this scenario represents
a worst-case for methods like ours, while heavily favoring DER,
which relies on a global integrator. Furthermore, instead of letting
DER slowly iterate until convergence, we also use a fixed 4 iteration
per 1/240s timestep with a parallelized CPU implementation for
a fair comparison. Despite this, DER requires 1,052 ms per frame,

Initial State Ours DER
Fig. 9. Although the Cosserat and DER energies do not match ex-
actly, our method is able to produce similar motions as DER in this
challenging example while remaining 46 times faster.
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Ours VBD w/ LCOurs VBD w/ LC

Rest state “Category 10” hurricane with 120 m/s gusts

Fig. 10. Hessian-based second-order methods like VBD can suffer from instability when Hessian becomes indefinite. Our method avoids this issue
by using local analytic solutions.

Rest State Residual over iterations Residual over time

Fig. 11. We measure the incremental potential residual for a representative frame taken from our bridge example. By the iteration, VBD requires
double precision, linearized constraint solves, and PSD projections to remain stable but slow down near the solution. By computational time, our
method converges the fastest by far due to the efficiency of our scheme.

whereas our method only requires 22.8 ms per frame, which is over
46× faster than DER on the CPU. This difference in performance is
due to the line-searched Newton solve used by DER to update its
material frames (segment orientations).

5.4 Comparison with VBD-based methods
The energy Hessian of Cosserat rods is not only expensive to evalu-
ate, but can also be highly unstable under specific conditions. For
segment 𝑖 with 𝑁 bending constraints connected to it, we found
the local Hessian to be positive-definite only when the following
condition is satisfied:

∥x𝑖+1 − x𝑖 ∥ − 𝑙0 < 2𝑁�̃�bt/�̃�ss𝑙0 . (34)

Otherwise, the Hessian may become semi-definite. This instability
poses significant challenges for any second-order method when
segments have large �̃�ss, small �̃�bt, large strains, or large rest lengths.
Fig. 10 illustrates this with a model of the Margaret Hunt Hill

Bridge consisting of 2208 vertices. This example includes a failure
mechanism where steel members break if their strain exceeds 0.5%.
This limit poses significant challenges for stability and accuracy. Our
method successfully simulates the bridge under extreme wind condi-
tions of 120 m/s gusts, achieving stable results at a performance rate
of 2 ms per frame. In comparison, VBD with linearized constraints
is unable to maintain stability, leading to immediate implosion. To
address these challenges, we extended VBD (denoted as VBD w/ LC
& PSDP) with double-precision floating-point arithmetic, linearized
constraints, and Positive-Semi-Definite Projection (PSDP).

We examine the convergence of our methods and the VBD vari-
ants in Fig. 11. We select a representative frame from our bridge
example and measure the incremental potential residual under both
equal iteration count and computational time. We utilize the orien-
tation of the previous frame as the initial guess. When compared
under the same number of iterations, our method can converge to
machine accuracy far faster than VBD. Both our approximate and
exact variants performed nearly identically. In contrast, VBD and
VBD with linearized constraints do not converge, while VBD with
linearized constraints and PSD projection slow down significantly
near the solution. When compared under equal computational time,
the difference is further magnified. Our method converges after 0.1
ms, while VBD has barely moved at best. This is due to the extra
costs of the Hessian formation, SVD decomposition, and solve. Per
iteration, we measure VBD to be 109% slower, VBD with linearized
constraints to be 168% slower, and VBD with all the augmentations
to be over 18× slower per iteration.

In general, we found that the optimization often converges suffi-
ciently after 4 iterations per timestep. In this example, our method’s
incremental potential residual converges from 2e-3 to 3e-5 after 4
iterations (vs. machine accuracy of 2e-6 after 512 iterations). As
such, we use 4 iterations per timestep for most of our examples.

5.5 Knits
Fig. 12 further demonstrates the robustness our method on a knitted
patch with complex yarn-yarn collisions. We clamp both ends of
this cloth and twist it 5 full rotations. Despite the high yarn stiffness,
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Fig. 12. Our method is robust under complex collisions. Even after 5 full rotations, the distinctive yarn pattern is retained after release.

Table 1. Performance Table. Timings measure scenario 30 fps frame averages on an AMD 9950x CPU. * are measured on an NVIDIA RTX 3090
GPU. † examples include collisions. For each example, we additionally report the maximum and minimum stiffnesses and vertex masses.

Vertices / Segments 𝑘ssmax / 𝑘ssmin 𝑘btmax / 𝑘btmin Mmax / Mmin # Itr Step Size ℎ Steps/Frame Ours Approx. Ours Exact
Slingshot (Fig. 8) 44 / 46 3.0e5 / 4.0e1 1.6e6 / 2.0e0 1.2e0 / 2.6e-2 4 1.0 ms 34 0.2 ms 0.2 ms
Bridge (Fig. 10) 2,208 / 2,298 4.2e4 / 1.4e3 5.9e5 / 2.0e1 1.5e0 / 6.8e-3 4 1.0 ms 34 2.0 ms 2.1 ms
Slinky (Fig. 9) 2,881 / 2,880 6.0e1 / 2.6e1 1.6e6 / 2.0e0 9.0e-3 / 3.9e-3 8 0.3 ms 112 22.8 ms 23.1 ms
Trees (Fig. 7) 9,948 / 9,945 1.3e7 / 4.0e3 4.2e8 / 4.0e2 2.0e3 / 1.8e-1 4 1.0 ms 34 7.3 ms 7.5 ms
Afro* (Fig. 13) 1,464,704 / 1,418,932 9.7e0 / 3.1e-1 1.5e3 / 6.2e1 1.0e0 / 1.0e0 8 1.0 ms 34 7.0 ms -
Yarn Twist*† (Fig. 12) 65,065 / 65,061 3.0e-4 / 3.0e-4 2.7e-4 / 2.7e-4 3.0e-6 / 1.5e-6 4 0.4 ms 84 32.0 ms -
Yarn Letters*† (Fig. 1) 255,607 / 255,593 2.1e-4 / 1.9e-4 4.1e-4 / 3.8e-4 2.1e-6 / 9.9e-7 4 0.4 ms 84 107.0 ms -

small mass, and immense strain from these complex collisions, our
method remains robust. Although some position buckling artifacts
can be seen due to our piece-wise linear representation combined
with the extreme stress, upon release, the yarn retains its distinctive
pattern without any penetrations.
Additionally, the embarrassingly parallel nature of our method

also allows for a significant performance uplift. On an NVIDIA RTX
3090 GPU, the prior knitwear simulator [Yuan et al. 2024] requires
4,480 ms per frame to twist a mesh-based yarn cloth 900 degrees.
When using the same GPU, our method successfully twists a yarn-
based yarn cloth 1800 degrees in just 32 ms per frame, demonstrating
significant improvements in performance.

5.6 Hairs
We use our method to simulate each strand of hair in an Afro
hairstyle, as shown in Fig. 13. Here, we alternatively enforce colli-
sions separately using a background Eulerian grid. With over 1.4
million vertices, our method only requires 7 ms per frame exclud-
ing collisions. Our integrator is particularly well-suited for hair
simulations since each strand consists of just 32 vertices, which
fits efficiently into shared memory, enabling efficient inter-thread
communication in Jacobi style solves on the GPU.

5.7 Performance
Table 1 lists the performance of our method, highlighting its effi-
ciency and scalability. One advantage of our method is the ease of
parallelization. Without the requirement for large global solvers,
parallelization on the GPU becomes trivial. Additionally, we found
our method to work well on the GPU with simple Jacobi updates
provided that position and orientation updates are handled in sepa-
rate passes. We demonstrate this capability by implementing our

Fig. 13. Thanks to our parallelizability, our method can simulate
hair strands with over 1.4 million vertices at only 7.0 ms per frame.

method on an NVIDIA RTX 3090 using CUDA. In Fig. 1, this GPU-
accelerated implementation enables us to simulate fully knitted
letters with 255,607 vertices in only 107 ms per frame. We can also
hang the letters by selectively pulling out individual yarns, show-
casing the robustness of our technique.

6 Conclusion
We have introduced a novel framework for simulating thin elas-
tic rods with a focus on stability, efficiency, and simplicity. Our
approach avoids reliance on complex implicit solvers to enforce
orientation constraints by leveraging a split position and rotation
optimization scheme. The cornerstone of our method is a closed-
form Gauss-Seidel quasi-static orientation update, which is both
robust and computationally efficient. Extensive validation against
existing solvers demonstrates ours method’s superiority, achieving
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improvements in performance by multiple orders of magnitude. Fi-
nally, the implementation is straightforward and requires minimal
modifications beyond traditional position update schemes.

Limitations and Future work. Although we did not find any no-
table drawbacks in our evaluation, our method has some theoreti-
cal limitations. For example, it is unclear how stiffness parameters
should be normalized under an approximate 𝜆. In our evaluation, we
simply used the same stiffness parameters for both method variants.
Our approximate model may also require future work for compati-
bility with Sag-free initialization methods like Hsu et al. [2023]. As
we make the quasi-static assumption like DER, it is also unclear
how motor-driven motions can be incorporated. Finally, we tailor
our method for rods with scaler stiffnesses following [Kugelstadt
and Schömer 2016]. While we conjecture that our method can be
extended to anisotropic stiffnesses, we leave this to future work.
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